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Abstract

Purpose Neuroimaging provides great utility in complex spinal surgeries, particularly when anatomical geometry is distorted by
pathology (tumour, degeneration, etc.). Spinal cord MRI diffusion tractography can be used to generate streamlines; however, it
is unclear how well they correspond with white matter tract locations along the cord microstructure. The goal of this work was to
evaluate the spatial correspondence of DTI tractography with anatomical MRI in healthy anatomy (where anatomical locations
can be well defined in T1-weighted images).

Methods Ten healthy volunteers were scanned on a 3T system. T1-weighted (1 x 1 x 1 mm) and diffusion-weighted images (EPI
readout, 2 X 2 x 2 mm, 30 gradient directions) were acquired and subsequently registered (Spinal Cord Toolbox (SCT)). Atlas-
based (SCT) anatomic label maps of the left and right lateral corticospinal tracts were identified for each vertebral region (C2—C6)
from T1 images. Tractography streamlines were generated with a customized approach, enabling seeding of specific spinal tract
regions corresponding to individual vertebral levels. Spatial correspondence of generated fibre streamlines with anatomic tract
segmentations was compared in unseeded regions of interest (ROIs).

Results Spatial correspondence of the lateral corticospinal tract streamlines was good over a single vertebral ROI (Dice’s
similarity coefficient (DSC) = 0.75 + 0.08, Hausdorff distance = 1.08 + 0.17 mm). Over larger ROI, fair agreement between
tractography and anatomical labels was achieved (two levels: DSC = 0.67 + 0.13, three levels: DSC = 0.52 + 0.19).
Conclusion DTI tractography produced good spatial correspondence with anatomic white matter tracts, superior to the agreement
between multiple manual tract segmentations (DSC ~ 0.5). This supports further development of spinal cord tractography for
computer-assisted neurosurgery.
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disease characterization, surgical planning, and navigation.
This approach has enabled the identification and precise lo-
calization of very small WM tracts when registered to anatom-
ical T1- or T2-weighted MRI scans, allowed for the analysis
of tract-specific health, and has been used for image-guided
brain tumour resections [5]. The development and implemen-
tation of clinically viable image acquisition and automated
processing techniques has improved the clinical adoption of
these new technologies [6, 7].

DTI tractography streamlines show connection and di-
rectionality of axonal tissue, allowing the depiction of
white matter fibres. In the brain, the direction of these
white matter tracts can be used to identify anatomical path-
ways that are related to specific functional domains and aid
in the classification of neural tissue. However, in the spinal
cord, the fibre direction of the white matter does not en-
code information about function, as fibres primarily go in
the superior-inferior direction. Nevertheless, DTI of the
spinal cord has recently started to gain attention as a pos-
sible tool to improve clinical decision-making [3, 7-12]. A
growing number of researchers and clinicians are innovat-
ing new MRI acquisition and analysis techniques to over-
come the challenges of spinal cord DTI [13]. Spinal cord
tractography generated via DTI can be used to generate
streamlines [3, 8, 14, 15]; however, it is unclear how well
they spatially correspond with anatomic white matter tract
locations along the cord microstructure. Good correspon-
dence of streamlines with anatomical structures and an un-
derstanding of limitations is crucial for guiding interven-
tions. Spinal cord-specific challenges arise due to physio-
logic motion (particularly in the cervical spinal cord), its
small cross-section, and the susceptibility of the surround-
ing vertebral bone to introduce image artefacts [11, 16].

The Spinal Cord Toolbox (SCT) software package has
been developed to assist with the analysis of spinal cord im-
aging, including state-of-the-art tools for identifying spinal
cord anatomy, deformable image registration, segmentation,
and quantification [17]. SCT has established methods for
atlas-based segmentation and labelling of white matter tracts
of the spinal cord [18-21]. Most tools in SCT are focused on

Fig. 1 Example of spinal cord
tractography using labelled white
matter streamlines of the dorsal
columns, shown in a 2D axial
view and b 3D isometric view.
Tract-specific streamlines may
help examine white matter con-

nectivity in clinical scenarios in- Q :

volving track disruptions and
distortions
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quantitative metrics, with no current implementation of fibre
tractography techniques. Spinal cord tractography using tract-
specific streamlines (Fig. 1) may be useful for assessing white
matter connectivity specifically in clinical scenarios where
anatomical and geometric imaging distortions present at focal
sites, such as in the presentation of spinal cord tumours [3, 8,
15]. An opportunity exists to extend computer-assisted neuro-
surgical applications of DTI tractography into the spine
through the SCT platform, specifically to create tools to aid
in the planning and execution of complex spinal surgeries.
This technology could assist in surgeries where there is ana-
tomical uncertainty, potentially allowing for 3D visualization
of specific white matter tracts.

The purpose of this study was to investigate the concept of
using DTT tractography to determine the location of individual
spinal cord white matter tracts. Specifically, this study evalu-
ated the spatial correspondence of DTI tractography against
white matter tracts identified with anatomical T1-weighted
images of healthy spinal cord anatomy. It was hypothesized
that DTI tractography streamlines could achieve accurate spa-
tial correspondence to atlas-based segmentations of anatomi-
cal white matter tracts identified with T1-weighted imaging.

Materials and methods
Image acquisition

Ten healthy volunteer subjects (mean age 32 + 7 years old, 7
men and 3 women) were scanned using a 3T MRI system
(Trio Tim, Siemens Healthcare, Erlangen, Germany) with a
4-channel neck Rx coil in accordance with a research proto-
col, including informed consent, approved by the Institutional
Review Board of York University. Image acquisition se-
quences consisted of (1) a Tl-weighted MPRAGE (TR =
2300 ms, TE = 3.41 ms, flip angle = 9°, FOV = 256 x 256
mm?2, 160 slices, 1 x 1 x 1 mm?, standard shim mode) cover-
ing the C1-C7 cervical vertebrae and (2) a single-shot EPI
sequence of diffusion-weighted images with 30 gradient di-
rections (at a b value of 800 s/mm?) and two b = 0 images,
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covering the C2—-C6 vertebrae (image matrix = 256 x 256
mm?, voxel size 2 x 2 x 2 mm’, not cardiac gated). The image
acquisition protocol was decided upon to balance imaging
time and image resolution required for the template-based
registration process described below. To correct for suscepti-
bility artefacts, diffusion-weighted images were collected in
the transverse direction with reversed anteroposterior phase-
encode blips to create image pairs with distortions of opposite
direction. From these pairs, the susceptibility-induced off-res-
onance field was estimated (see the ‘Image processing’ sec-
tion). The total scan time of the T1 and DTI image sequences
was approximately 10 min.

Image processing

An automated spinal cord DTI processing pipeline was devel-
oped to generate tractography-derived tract-specific stream-
lines from diffusion and T1 MRI. A custom image processing
pipeline was established for this study using open-source tools
in both SCT and 3D Slicer software [22, 23]. Motion- and
susceptibility-induced artefacts were corrected using a method
similar to that described by Andersson et al., as implemented
in FSL [24, 25]. The automated image processing steps in the
pipeline included tensor fitting, spinal cord segmentation, T1-
DWI deformable image registration, tensor field warping, and
tractography streamline calculations (Fig. 2) [26, 27].

Spinal cord geometry was segmented and labelled with the
cervical vertebral level (PropSeg and Label Vertebrae tools, SCT
v2.2) [21]. Segmentation by deformable registration of SCT atlas
volumes of the spinal cord white matter tracts defined tract ge-
ometry (Fig. 3) [19]. Anatomic label maps (i.e. segmentations) of
individual tract geometries for each of the cervical vertebrae
were subsequently generated from the SCT atlas (threshold =
50%) for two larger white matter tracts: the left and right lateral
corticospinal tracts (Fig. 3). This investigation focused on the
assessment of these specific tracts due to the recognized impor-
tance of identifying these structures in posterior surgical ap-
proaches as disruption of these tracts leads to known deficits in
motor control and decreased patient quality of life [28].

Registration and segmentation of the diffusion space was
performed with methods within SCT. The spinal cord was

Atlas-based

defined in the diffusion space by propagating a deformable
model (PropSeg tool) to segment the mean of the diffusion
gradient volumes. The atlas within SCT was deformably reg-
istered to the mean of the diffusion gradient volumes, establish-
ing tract regions in the diffusion space and the mapping be-
tween the anatomical and diffusion space via the atlas space
(diffusion <« atlas <> anatomical). After determination of the
spatial mapping from the diffusion space to the anatomical,
transformation of the tensor information was done using a tech-
nique based on preservation of the principal direction [26]. In
brief, this approach computes the Jacobian at each voxel loca-
tion from the deformation field and uses the Jacobian to trans-
form the tensors. Tensors were transformed by rotating the first
eigenvector of the tensor and renormalizing, then a rotation
matrix is determined such that the second eigenvector remains
normal to the first. Image registration methods were confirmed
by manual inspection and evaluation of tractography and ana-
tomical label agreement below.

DTI tractography

Tensors were estimated using a weighted least squares algo-
rithm (3D Slicer, Teem Library, https://github.com/Slicer/
teem). A deterministic tractography algorithm based on
hyper-streamlines (3D Slicer, SlicerDMRI, https://github.
com/SlicerDMRI) was used to generate tractography
streamlines by seeding defined label map volumes using a
fractional anisotropy threshold (seed spacing = 0.5 mm,
start/stop threshold = 0.3/0.15, stopping curvature = 45°, min-
imum streamline length = 20 mm) [23, 29]. Rather than
seeding the entire diffusion image volume, the SCT-based
pipeline developed for this work allowed for selection of spe-
cific spinal tract label maps, representing tracts at specific
vertebral levels in the cervical spine, for seeding the
tractography algorithm, resulting in streamlines labelled by
spinal tract (Fig. 1).

Data analysis

The processing pipeline was evaluated in this study by
examining the spatial correspondence of label maps
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Fig. 2 Flow chart of automated tractography pipeline steps. Inputs: T1-weighted images and DMRI volumes. Outputs: Streamlines labelled by
anatomical tract, segmentation of T1, and characterization agreement between anatomically derived labels and streamlines
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Fig. 3 a Axial and sagittal views of the original T1 image. b Anatomic
label maps of the corticospinal tract (generated using a probabilistic atlas
volume generated with Spinal Cord Toolbox, 50% threshold). ¢ Regions
of interest (ROIs) were used for seeding and evaluation of streamline

generated via DTI-derived streamlines, transformed to the
anatomical space, with the anatomic label maps from the
SCT atlas. Tractography streamlines were compared
against atlas-based anatomical labels in a region of inter-
est (ROI), defined as spinal cord regions ranging from one
to three vertebral levels. The tractography streamlines
were not seeded in these regions (Fig. 3c); only stream-
lines which followed into these ROIs from the seeded
cord regions in the adjacent cranial and caudal vertebral
levels were compared to the anatomical white matter seg-
mentations. This was necessary to avoid biased results
and to simulate possible clinical scenarios where geomet-
ric distortions due to pathology may exist at focal verte-
bral levels and preclude seeding in these regions. For the
datasets in the current study, the seeded cord regions were
as follows: C3 and CS5 seeded for a single skipped level
(C4), C3 and C6 seeded for two skipped levels (C4 and
C5), and C2 and C6 seeded for three skipped levels (C3,
C4, and C5).

The spatial correspondence of the anatomical tract label
maps and diffusion-based streamlines in the ROI were evalu-
ated by calculating Dice’s similarity coefficient (DSC,
DiceComputation module in 3D Slicer) and the distance be-
tween the structures based on the average distance (AD) and
the Hausdorff distance (HD). DSC was evaluated by defining
a diffusion-derived label field from the tract-specific
tractography streamlines. Voxels with streamlines passing
through were labelled with the streamline label for the DSC
computation. Additionally, the volume of these anatomic and
diffusion-based label maps was calculated along with the per-
centage of streamlines passing within the anatomical tract
label.

@ Springer

spatial correspondence. In this example, two levels are used for seeding
tractography (C2 and C6, shown in dark blue) and three unseeded levels
(C3-Cs, light blue) are used for evaluation of the spatial correspondence
of the streamline versus the anatomic label maps

Results

Streamlines across the evaluated levels were successfully gen-
erated for each of the white matter tracts using the described
seeding constraints of the label maps. The entire automated
pipeline ran in approximately 15 min for each subject’s
dataset, without any manual intervention. More than 99% of
all streamlines generated passed within the corresponding an-
atomic tract label (Fig. 4). The number of skipped levels how-
ever did affect the spatial correspondence between the ana-
tomic tracts and diffusion streamlines (Table 1). Spatial cor-
respondence of the lateral corticospinal streamlines demon-
strated good agreement with the left and right anatomical la-
bels across a single skipped vertebral ROI (left tract: DSC =
0.74 £ 0.08, right tract: DSC = 0.77 + 0.07). For larger ROI,
there was fair agreement in the anatomic and streamline cor-
respondence for two (left tract: DSC = 0.65 = 0.16, right tract:
DSC = 0.69 £ 0.09) and three (left tract: DSC = 0.51 + 0.20,
right tract: DSC = 0.52 £0.19) skipped vertebral levels (Fig. 5,
showing 3 skipped levels). Distances between the streamlines
and anatomical labels showed good spatial correspondence
and a similar trend with best agreement when considering a
single level (HD = 1.08 £ 0.17 mm, AD = 0.14 £ 0.06 mm)
with worse performance for two (HD =1.41 £0.39 mm, AD =
0.20 £ 0.10 mm) and three (HD = 1.77 £ 0.41 mm, AD = 0.30
+ 0.13 mm) vertebral levels. Volumetric comparison of the
anatomic and diffusion-based label maps again showed a sim-
ilar trend as DSC and distance with the best agreement for
evaluation of a single level (92.83 + 18.35 mm”® vs. 98.43 +
15.86 mm’ ) and worse agreement with larger ROI, with the
biggest difference at three levels (230.89 + 55.34 mm® vs.
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Fig. 4 Qualitative comparison of streamlines (shown as dark blue and
yellow tubes) and atlas-based anatomical segmentation (light blue shaded
voxels) of the left and right lateral corticospinal tracts overlaid on T1-
weighted images of the axial (top) and lateral (bottom) slices in ROI not
used to seed tractography. For the dark blue streamlines shown on the
axial slice, agreement between the overlapping streamline tubes and
voxels would be approximately 80% (4 out of 5 voxels covered)

165.08 + 84.09 mm? for the diffusion and anatomic label map
volumes respectively).

Discussion

This study explored the concept of using a white matter atlas
from T1-weighted images to seed and evaluate tractography in
the spinal cord. Results from this pilot study in healthy control
subjects found that the spatial correspondence between
streamlines and anatomical labels was good (for a single level
ROI) to fair (for multiple skipped levels) for the left and right
lateral corticospinal tracts of the spinal cord. This spatial cor-
respondence between DTI and T1 was better than previously
reported data for multiple manual segmentations (DSC ~ 0.5)
[19]. This is likely due to the automated image processing
pipeline that eliminated the need for manual segmentations.
Inaccuracies in the larger evaluation regions were in part due
to fewer streamlines being generated by the pipeline, as the
pipeline selected only streamlines which passed through both
the proximal and distal seeding regions.

The implementation of spinal cord visualization using DTI
tractography has a number of potential clinical use cases [6, 16,
30-32]. Spinal cord tractography could assist with status eval-
uation following track disruption resulting from compressive
myelopathy or brachial plexus avulsion, or in the case of iden-
tifying anatomic tract disruptions from tumours or dysraphism,
and finally in follow-up to functional recovery for multiple
sclerosis and postoperative surgery. Recently, DTI has been
shown as a valuable tool to assess the severity and predict
outcome in patients with cervical spinal myelopathy [14, 28,
33]. Additional studies have supported the ability of DTI and
corresponding fibre tractography to identify the exact location
of intramedullary spinal cord tumours based on displaced WM
tracts and predict the respectability of these tumours [3, 8].
These rare, but devastating, intramedullary tumours of the cord
have been treated surgically by entering the spinal cord with a

Table 1 Summary of the Dice’s
similarity coefficient

Left lateral corticospinal tract

Right lateral corticospinal tract

measurements between the

anatomical tract label maps and Subject 1 level 2 levels 3 levels 1 level 2 levels 3 levels
diffusion-based streamlines over skipped skipped skipped skipped skipped skipped
the region of interest defined by
the number of skipped vertebral 1 0.76 0.74 0.65 0.77 0.73 0.48
levels 2 0.67 0.55 0.20 0.78 0.65 0.12

3 0.77 0.87 0.75 0.80 0.78 0.66

4 0.58 0.60 0.56 0.58 0.60 0.56

5 0.84 0.74 - 0.73 0.59 0.48

6 0.81 0.73 0.66 0.85 0.79 0.72

7 0.68 0.39 0.23 0.80 0.80 0.79

8 0.85 0.83 0.66 0.82 0.74 0.42

9 0.70 0.49 0.40 0.75 0.72 0.57

10 0.74 0.57 0.46 0.80 0.54 0.42

Average 0.74 0.65 0.51 0.77 0.69 0.52

Std. Dev.  0.08 0.16 0.20 0.07 0.09 0.19
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Fig. 5 Lateral (left) and sagittal
(right) views of the generated fi-
bre bundle streamlines overlaid
on 3D model representations of
the anatomic label maps. In this
example for three skipped verte-
bral levels (C3—C5), the dark blue
models at C2 and C6 represent the
cranial and caudal seeded regions
of interest (ROIs), with the light
blue models (C3-C5)
representing the ROI used for
spatial correspondence measure-
ments to the generated
streamlines

myelotomy incision precisely between the two dorsal columns
to minimize damage to the spinal cord and remove the tumour
safely. This type of intramedullary procedure could benefit
from tractography maps generated by DTI of the spinal cord
to clearly visualize the location of the white matter tracts. For
effective adoption of spinal cord tractography in computer-
assisted neurosurgery, accuracy and surgeon confidence in
the generated streamlines is needed. Current spinal cord resec-
tion approaches are high-risk surgeries with limited soft tissue
guidance options available to the neurosurgeon. In the current
study, spinal cord streamlines were most consistent with ana-
tomical labels in an evaluation region of one vertebral level,
indicating that this technique is most appropriate for geometric
distortions with limited spatial extent. Further, the workflow
generated in this study enabled visualization of specific white
matter tract streamlines, including the ability to define specific
colours for each tract, which may be useful for delineation of
white matter tracts in neuro-navigation.

In general, there are several recognized challenges with
clinical implementation of spinal cord imaging. These include
physiological motion of the cord, the small size of the cord
cross-section, and the susceptibility of the surrounding bone to
introduce image artefact [11]. However, there have been re-
cent studies supporting the preliminary use of DTI of the spi-
nal cord in the clinical research setting [6]. For spinal cord
injury conditions, there is an obvious time component to con-
sider in ensuring patients are treated quickly and safely, po-
tentially limiting advanced MRI sequences that require long
scanning times. In the current study, the total scanning time
was limited to approximately 10 min to maintain clinically
viability. It is possible that better spatial correspondence
may be achieved with higher signal to noise scans achieved
with longer scan times or sequences available on higher-end
scanners. Additionally, with the use of the template-based
registration technique, detailed examination and optimization
of the image acquisition sequence was not undertaken in this
study. There could be opportunities to further improve the
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robustness of the image processing pipeline by considering
alternative anatomic and diffusion-weighted imaging se-
quences as well as triggered acquisition with a pulse oximeter
to limit motion artefacts. This study also only obtained ana-
tomic and diffusion-weighted images from a single 3T scan-
ner (Siemens Tim Trio); as such, translation to other scanners
(1.5T or different manufacturers) could change the results.
Important considerations for using 1.5T scanners for spinal
cord tractography include lower signal to noise ratio (worsen-
ing results) and smaller susceptibility artefact (improving
results).

Beyond image acquisition, there are limitations with re-
spect to the image processing and data analysis conducted
on only a small sample size of healthy control subjects. In this
case, it is unknown how well this technique would translate to
more clinically relevant datasets, which would likely include
some amount of pathology. Further, due to the small and spe-
cific dataset focused on the C2—C6 region of the cervical
spine, spatial correspondence was only investigated in the
lateral corticospinal tracts within a focal region of interest of
one to three vertebral levels. Additionally, by using a binary
tract segmentation from SCT and deterministic tractography
algorithm, there was likely a loss in precision that could have
been avoided by considering probabilistic methods for
masking (weighting partial volume) and tractography calcula-
tions [34].

Deterministic tractography algorithms were used in this in-
vestigation as part of a larger integration with the 3D Slicer
platform, incorporating the SCT segmentation and registration,
tractography pipeline, tract visualization analysis tools in a uni-
fied application and released open source (https://bitbucket.org/
OrthopaedicBiomechanicsLab/sctwrappers/src/master/). The
parameters of the tractography algorithm used were based on
existing values for deterministic streamline generation reported
in the literature, but no significant optimization of the
parameter selection was evaluated. These parameters may
also vary based on the size of the defect and the chosen size
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of the ROI Future work will include considering clinical case
series, probabilistic streamline generation algorithms, and
parameter optimization that produces streamlines most
consistent with anatomical tract location in the spinal cord.

Conclusion

In conclusion, streamlines of the spinal cord white matter
tracts of the spinal cord generated from DTI had good to fair
agreement with segmentations derived from an anatomic
white matter atlas, depending on the distance from the seeded
vertebral level. The level of agreement between the anatomic
and diffusion-based regions from this study supports further
development of DTI tractography for neuro-navigation appli-
cations. This initial investigation establishes the utility of
tractography-generated streamlines to define the location of
individual spinal cord tracts within healthy subjects, with fu-
ture work focusing on cases with pathology. This could be
particularly useful in interventional applications where the
pathology is isolated to a small region and the streamlines
are not required to extend beyond one or more vertebral levels.
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